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Pattern Classification of a Time-Series EEG Signal Using a Neural Network
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Fig.4 An example of the classification result.
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Fig.5 Effects of the dimension of the input vector and
number of the training data on the classification
results of eye opening and closing.
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Table 3 Classification results under the artificial photic
stimulation.

Number of the learning data N =50 N =100
Di ion of the input vector d=2| d=6| d=2| d=6
subject A R cla 83.2] 84.5| 844| 854
(male) R sd 1.5] 06] 14 11
subject B R cla 89.8] 92.3] 923]| 93.1
(male) Rsd 09 o04] 11| 07
subject C R cla 63.8] 66.8] 79.5| 8l.1
(male) R sd 10] 52| 05| 26
subject D R cla 78.0] 789 80.2| 803
(male) Rsd 24| 17] 02| 0.1
subject E R cla 75.6] 77.3| 824] 83.1
(male) R sd 12] 08] 09] 06

R cla: Classification rate(%), R sd : Standard deviation(%)
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Fig.6 Effects of the dimension of the input vector and
number of the training data on the classification
results under the photic stimulation.
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